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Handwritten Digital Recognition Based on
Deformable Convolutional Neural Network

RU Xiao-ging, HUA Guo-guang, LI Li-hong, LI Li

(School of information and electrical engineering, Hebei University of Engineering, Handan 056000, China)

Abstract: In this paper, the deformable convolution module is introduced to enhance the modeling ability of the
network to digital geometric transformation, and an improved handwritten digital recognition framework based on
deformable CNN is proposed. In addition to improving the recognition accuracy, the framework can effectively

reduce the training parameters and improve the recognition speed. This paper demonstrate state-of-the-art

performance competing methods on the handwritten dataset and the transformed dataset.
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